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Size Size Size
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B Rk BE R RIARTEEATHR-Machine Learning

R (Cost Function)

Hypothesis:
ho(x) = 0y + 61

Parameters:
907 01

Cost Function:
m 2

J(69,601) = ﬁ Z (hg(xm) _ ym)

1=

Goal: minimize J (6, 61)
60,01

IEN{, (Regularization)

J(0) = ﬁ Zl(he(x(i)) _ y(i))2 + A -Zl 932
1= Jj=

/MU R ZE ==l

BHEERRY
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B Rk BE R RIARTEEATHR-Machine Learning

RE(EERE
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Backpropagation algorithm
Training set {(z(M),yM), ..., (z(m) (M)}
Set AE;) =0 (forall [, 1, j).
For i=1tom
-
ﬁur"ﬂ{gj:ﬁ Perform forward propagation to compute oY) for [ =2,3,...,L

}irﬂjﬁ%}% Using 3", compute §(5) = (X)) — (@)

Compute 6(F~1) (=2 §(2)

*REE%E Ag) = Az(;) + Cbg-l)(si(“rl)

O .= 1 AD 1) it L
Dij = 5n Dij +A0; i #£0 05 J(0) = D§j)
00!!
DY .= LAl ifj=0 K
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5. B8, AUAESE, NNMRYEN, RENFUIREREL

Input Data Actual Values Target Values
= »VIA =) =
Airplane Automobile  Bird Truck Deer Bird Airplane Automobile  Bird

$
@) @ (@) mp ~c ) ) & =
Cat Deer Dog Cat Automobile  Dog Cat Deer Dog
-
Frog Horse Ship Frog Horse Ship Frog Horse Ship

[1\ 4
%

? Airplane Truck

Adjusted Weights and Biases \ I

Correction Values

- 3. FRHE S HRRIRSEAR T

Backpropagation

2 EAURMNEERHTINE, 4 ERBPEAS MUK, R, WRIRK/ U
SEIFTE USRI SRS

Truck

1. FAbiEEERE, ¥t
WIREIRZ 2]

Repeat Until
Error Falls
Below Threshold
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FEHEMLE (Deep Neural Network, DNN)

Dendrites

Cell body Terminals

W O Activation
Weighted Function
Sum
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SIR#ERLE (Convolutional Neural Network, CNN)
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(Recurrent Neural Network, RNN) (Long Short-Term Memory, LSTM)
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Transformer

Attention Is All You Need

Ashish Vaswani* Noam Shazeer*
Google Brain Google Brain

~ avaswani@google.com noam@google.com
- Llion Jones* Aidan N. Gomez* '
(@\| Google Research University of Toronto

') 1lion@google.com aidan@cs.toronto.edu

]
= . 1
et Illia Polosukhin® *

\O illia.polosukhin@gmail.com

AL FEFRBIRNNFICNN, TransformerfUelsis:

> @ 7 iEEJILE

> JTERRE T BiEE0HERZ L BiEE0H
> RITTERE, XFRYIRUSIRERE
> IR T IRiSEE-RIDERER, FHTALE

nikip@google.com

lukaszkaiser@google.com

Nx
"Layers"

Positional
Encoding

Feed-Forward
Network

Multi-Headed
Self-Attention

Norm

Embeddings/
Projections

Source Sequence

Predictions %E‘:ﬁgg’%
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Feed-Forward
Network

R I I
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Nx
"Layers"
Masked
Multi-Headed $Z7 \\I g 3;%
Self-Attention 1L/
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Embeddings/
Projections

Shifted
Target Sequence
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s¥=77(Attention)
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Output
Probabilities
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Attention
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Feed Attention
Forward 7 x

Add & Norm
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Positional Positional
E : D @ :
ncoding Encoding
Input Output
Embedding Embedding
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Important .
Self-Attention Layer
Query
Input Key
Unimportant N
Value
h Scaled dot-product attention
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Attention

"1 Weights
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BERT(Bidirectional Encoder Representations from Transformers)

2018108, Googlef@ HABNESIEEIBERT, F{A{EF T TransformerfYéwid=ss(Encoder)akn
| ASP Mask LM Mai LM ]\ M.II/GR] @uAD StartEng Span\

= *
L)) o)) [0 Cedln) - aCeen ) - (Ow]
..... >
BERT .............. . .. -.->- .. . BERT
% I e I [ ||E1’|~~~|Eni (el & ] [ & [ G IIEI’|~-~|1
EE . EEE- B8 SaEe- 8
\ Masked Sentence A Masked Sentence B | t \ \ Question ~ Paragraph /
\\\ Unlabeled Sent;e Aand B Pair ‘ / \\\\\ Question Answer Pair
)| 15 A8
FEHANESZRILE: F{RFEncoderSE]L:
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GPT/GPT-1

Improving Language Understanding
by Generative Pre-Training

RS 4

Alec Radford Karthik Narasimhan Tim Salimans Ilya Sutskever %&}E % 5 G 1 7 O O O$§E H:II H&:B

OpenAl OpenAl OpenAl OpenAl
alec@Qopenai.com karthikn@Qopenai.com tim@openai.com ilyasu@openai.com

Text Task e . -
Prediction | Classifier Classification Start Text Extract }' Transformer | Linear
e S
Entailment Start Premise Delim | Hypothesis | Extract | Transformer > Linear
Layer Norm |
Feed Forward Start Text 1 Delim Text 2 Extract | > Transformer
. o 75 Similarity - Linear
'—' N % 12x —
1 2 = E IE:@xjj Start Text 2 Delim Text 1 Extract | > Transformer
Layer Norm -
= Start Context Delim Answer 1 | Extract | > Transformer > Linear
Masked Multi |
Self Attention —
: Multiple Choice | Start Context Delim Answer 2 | Extract | > Transformer > Linear
=7 s\ . 1 .
g ”/:'IEZ?S Text & Position Embed Start Context Delim Answer N Extract | Transformer > Linear




GPT-2
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T == Transformer

GPT-1E&4 FEFEY 787 SEFIEIENIERE
I BAARE LV FABERBRIE AR

el 1517

St 40G, kEredditfiy800 5N A

Classifier
layer

( Attention blocks #2-6

/ Attention block #1

C Feed forward layer

Self Attention

SMALL MEDIUM
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C Linear layer
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117M Parameters 345M Parameters
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GPT-3

Language Models are Few-Shot Learners

Tom B. Brown* Benjamin Mann* Nick Ryder* Melanie Subbiah*
Jared Kaplan® Prafulla Dhariwal Arvind Neelakantan Pranav Shyam Girish Sastry

Amanda Askell Sandhini Agarwal Ariel Herbert-Voss Gretchen Krueger Tom Henighan

Rewon Child Aditya Ramesh Daniel M. Ziegler Jeffrey Wu Clemens Winter
Christopher Hesse Mark Chen Eric Sigler Mateusz Litwin Scott Gray
Benjamin Chess Jack Clark Christopher Berner
Sam McCandlish Alec Radford Ilya Sutskever Dario Amodei
OpenAl

Ul 175012

6Nl 45T, 1EE570G

The three settings we explore for in-context learning Traditional fine-tuning (not used for GPT-3)
Zero-shot Fine-tuning
The model predicts the answer given only a natural language The model is trained via repeated gradient updates using a
description of the task. No gradient updates are performed. large corpus of example tasks.
Translate English to French: task description sea otter => loutre de mer example #1
cheese => prompt
One-shot peppermint => menthe poivrée example #2

In addition to the task description, the model sees a single
example of the task. No gradient updates are performed.

GPT-3i)|
l
12005 3<7T,

H—IREE 29460 53E7T,
EATE] 9355 NGPULE , MERAKE

Translate English to French: task description
sea otter => loutre de mer example
plush giraffe => girafe peluche example #N
cheese => prompt
Few-shot
cheese => prompt

In addition to the task description, the model sees a few
examples of the task. No gradient updates are performed.

Translate English to French: task description S*¥$$g : 122%_4\§Q*Iin—%— E%\

sea otter => loutre de mer examples

peppermint => menthe poivrée %*iz_(?g : {Rﬁiq:jj&)\_ I 5%%%15“

plush girafe => girafe peluche

cheese => prompt &\¢$2'§$>j : t?j;@}gﬂﬁggﬁ1ﬁu
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AXRIEFREF S (Reinforcement Learning from Human Feedback, RLHF)

W R

ANIREEE

{HOAGPT-3

YIS
Step1

Collect demonstration data,
and train a supervised policy.

A promptis
sampled from our
prompt dataset.

A labeler
demonstrates the
desired output
behavior.

This data is used
to fine-tune GPT-3
with supervised
learning.

Explain the moon

landing to a 6 year old

|
Y

)

Z

Some people went

to the moon...

il

Bl R pERE

Step 2

Collect comparison data,
and train a reward model.

A prompt and
several model
outputs are
sampled.

WERZH
RrEE

A labeler ranks
the outputs from
best to worst.

E=HF

This data is used
to train our
reward model.

N
—INTZ

Explain the moon

landing to a 6 year old

Step 3

HMAEAFEIMAREL

Optimize a policy against
the reward model using
reinforcement learning.

A new prompt
is sampled from
the dataset.

The policy
generates
an output.

The reward model
calculates a
reward for

the output.

The reward is
used to update
the policy
using PPO.

™

Write a story
about frogs

) PPO

Bix



InstructGPT

Research

Aligning language models to follow
instructions

We've trained language models that are much better at following user intentions than
GPT-3 while also making them more truthful and less toxic, using techniques developed
through our alignment research. These ZustructGPT models, which are trained with
humans in the loop, are now deployed as the default language models on our AP

Likert score ®
5
.\\rstructGPT
®

4 ®
Supervised Fine-Tuning
®
./_
]
3
GPT (prompted).
./
GPT °
2
I [ [
1.5B parameters 6B 175B

Model size

EZTEERELE, 15{Z289239InstructGPTHEE & 5T GPT-3

Dataset

RealToxicity %’HE

GPT
I

Supervised Fine-Tuning
I

InstructGPT

—

API Dataset

AY
Hallucinations Zjﬁ
GPT

Supervised Fine-Tuning
—

InstructGPT

—

0.233

0.199

0.196

0.414

0.078

0.172

Dataset

TruthfuloA  ELSLME
GPT

Supervised Fine-Tuning
I

InstructGPT

I

API Dataset
Customer Assistant Appropriate

GPT

Supervised Fine-Tuning

0.224

0.206

0.413

0.811

0.880

0.902

InstructGPT

]

AR

==
=

IR



GPT-3.5¥1GPT-4f434s

GPT-3.5 ui s 8l 175012

InstructGPTIER, FAYIBEERMR A Gl 45T, 19iE§5570G, 1£50001{Zidit

BRI ErmAE920005355T

GPT-4 a8 17542 ~ 100512, 1800042
SEHK, BIMNTZES =2 13T, iE135F1{ZiAT
HElgsEAHILLM

BX|2Rm 4296300 5355T
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GPT-3.5: 10%

80% —

60% —

GPT-4:90% .
FEHPRZFA -
GPT-3.5: 31%

0%

GPT-4:99%




75>

FiE— N7, JIEEGPT-3.5F0GPT-4&EEAIR4ER :
© IBETRAERIRNIARIEN, TiEEEEMS00ELINAIEGE, MHHRIGEL
© IBERGERIIRGU, RIEARIERERE
- IBFE—RBHEES, SHEURESHRRESTERER, XLARRSE

. IEFEERAERINE, XELERE



ChatGPTEViRR1ahi&EM



o LiE

Detailed ... °

More Informative
————®

Additional ...
itional ... o

Formatted ... °

Prompts Cheat Sheet LessiAmbiguouss

(Group by Principles)

A\
N *o—

Rol Act as Python expert
oles
® You are an experienced Frontend programmer

I'm writing a Python Project

Scenarios, Contexts .
® You are developing a concurrent program for data processing

You should extract all definitions of functions from this script
Instructions. You task is to complete this script with a timeit feature
| would like to add an web Ul to this

Could you give some suggestions on this plan

Questions
Can you summarize the goal of the codes

Here is an example

Examples, Shots The output should be similar to the following formats

You should use same method in the provided script

o - You could use ‘requests’ library to do http GET and POST operations
Choices, Options, Paths
. You can try different backend frameworks such as Django or Flask or FastAPI

| would provide you a JSON file which contains the data of
The contents in triple backticks are the Python codes for ... that | want to improve:

“py
(Here are the codes)

Answer in table format
List the outline with numbered bullets at beginning of line

You should only output the changed lines in git diff format:
Outputs ° ~diff

-- original lines
++ modified lines

Length ° Your answer should be no more than 50 words

Limited ... .

Content Do not output whole script, but only output changed functions
*

Style. Your response style should be academic and professional

Prioritize/Emphasize/Focus/Repeat

(Do ONE thing

Chain/Tree of Thoughts

(Many a little makes a mickle)

Keep lterating °

Self Ask/Search °

Automation
L

Self Check/Criticize

SKil&: https://hansimov.github.io/GPT-Sh

Tools o You should only use Python standard library
L
Let's focus on the code implementations of this function
Let's go back to the topic / task of ...
Let's dive deeper and move forward in the step of ..

and do it WELL)

Here is a math question: ... Let's think step by step

I would like to ..., you should
Break to Subtasks / Steps. 1st...2nd ... 3rd ..
Please do the following steps:

[1]...[2) ... [3] ... [4] .

Search the web first, then examine the results, then plan the steps to

Search before Reason,

__Plan before Action o

Analyze the requirements first, then re-organize them into a list of tasks,
then do the tasks one by one

For this task, you should provide three solutions
Create Multiple Paths Analyze this problem from following perspectives respectively:

©
[1] Product Managers; [2] Software engineers; [3] Users.

Review the steps above, and suggest a better solution
Combine to Summary / Best Soluﬁon./ Recall all our conversations, and summarize the key points
L

Evaluate results of the solutions above, recommend the best one

Search you knowledge base, and list ...

Please Rephrase/Check/Feedback/Refine/Criticize your answer above
- Design several indicators to evaluate the solutions you suggest above
Recommend the best solution based on reasonable aspects

aring/prompts-cheat-sheet.html

Suggest three instructions which | might ask you to do for diving deeper and moving forward in this task

Prompt engineering
This guide shares strategies and tactics for getting better results from large language models (sometimes

referred to as GPT models) like GPT-4. The methods described here can sometimes be deployed in
combination for greater effect. We encourage experimentation to find the methods that work best for you.

Some of the examples demonstrated here currently work only with our most capable model, gpt-4 .In
general, if you find that a model fails at a task and a more capable model is available, it's often wor
again with the more capable model.

You can also explore example prompts which showcase what our models are capable of:

Prompt examples
Explore prompt examples to learn what GPT models can do

OpenAlE G HRNA LIEi5Rs

https://platform.openai.com/doc
s/quides/prompt-engineering

BANERREN:
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FB44HE(Chain of Thought, CoT)

Standard Prompting

Moot N

Q: Roger has 5 tennis balls. He buys 2 more cans of
tennis balls. Each can has 3 tennis balls. How many

Chain-of-Thought Prompting Elicits Reasoning
in Large Language Models

Jason Wei Xuezhi Wang Dale Schuurmans Maarten Bosma
Brian Ichter Fei Xia Ed H. Chi Quoc V. Le Denny Zhou

Google Research, Brain Team
{jasonwei,dennyzhou}@google.com

FRR: —MIEENR, FELLMATLRIERRR
RIDAEREE, [HZCAEEKE, 53
RRER, B—HHEEARNGFESHE
BHEERNAE

MEE: PEESITERR, BALLMETD,
SRR B AR ERATPT AFRE 1

BERAMWSR: SHEHB"1000{2A9LLM

tennis balls does he have now?

A: The answer is 11.

Q: The cafeteria had 23 apples. If they used 20 to
make lunch and bought 6 more, how many apples
do they have?

-

Chain-of-Thought Prompting
Model Input

Q: Roger has 5 tennis balls. He buys 2 more cans of
tennis balls. Each can has 3 tennis balls. How many
tennis balls does he have now?

A: Roger started with 5 balls. 2 cans of 3 tennis balls
each is 6 tennis balls. 5 + 6 = 11. The answer is 11.

Q: The cafeteria had 23 apples. If they used 20 to
make lunch and bought 6 more, how many apples

/| dothey have?
\_ J

A: The answer is 27. x

GSM8K
solve rate (%)

Do > D
o & & o

SVAMP
solve rate (%)
N oA D ®
S & & &

N gl g O
o S o

MAWPS
solve rate (%)
ot

0

—e— Standard prompting
—©— Chain-of-thought prompting
- = = Prior supervised best

LaMDA GPT PaLM

| coe?

ot

04 8 137 04 7 175 8 62 540

Model scale (# parameters in billions)

Model Output

A: The cafeteria had 23 apples originally. They used\
20 to make lunch. So they had 23 - 20 = 3. They
bought 6 more apples, so they have 3 + 6 =9. The

answeris 9. ¢/ J

Finetuned GPT-3 175B

Prior best

[J PaLM 540B: standard prompting

B PaLM 540B: chain-of-thought prompting

100
80
60
40
20

0
Math Word Problems (GSM8K)

57

Solve rate (%)




1. SHEPBYLE(Zero-shot-CoT)

ERANREZRIN:

1. ERAIIZES BE
2. ALEAINZSEERAE |, HREI)ESIEREE

\

AJZHE1RNA . AR ERER:

No Category Zero-shot CoT Trigger Prompt Accuracy
THABES s ing) E1 %R I:
Let’s work this out in a step by step way to Lol A ) 2
1 APE » : ; 82.0
be sure we have the right answer. ENB—THiS LA ENRST EA
i — TS A TR AR A B AR
2 Human-Designed Let’s think step by step. (*1) 78.7 Lokt - ? o
3 First, (*2) 773 ChatGPT: HT/5 £4A B 2Ie S X S AN G R ERRHE. EBRDHDHESRMMNHE
4 Let’s think about this logically. 74.5 T, ARIPEREEAA KRR
5 = ‘(O'Z‘; ST RN RN T . a‘eﬁiﬁ%@iﬁmxﬂiﬁ%nAzyﬁ@ﬁﬁﬁgw
7 Let’s think like a detective step by step. 70.3 LXB%{E&JX““F—E—#Q’HF—H% tIf~t
& i d e PO o | BRERERAR S ER R AR E?
9 Before we dive into the answer, 55.7 \ .
10 The answer is after the proof. 45.7 ChatGPT: BUN RS DA BRI RE R EMGF EBCRNAE. ENHIEEMRBRHHR, &

(Zero-shot) 17.7 RN, FHRHEEACIFH




2.1 E &S (Few-shot-CoT)

“In-context” Learning

FeW'ShOt Translate English to French: task description
Learning sea otter => loutre de mer examples
. peppermint => menthe poivrée
(no gradient =t
descent) plush girafe => girafe peluche
cheese => prompt
one'ShOt Translate English to French: task description
Leafning sea otter => loutre de mer example
cheese => prompt
Zero-shot Translate English to French: task description
Learning e prompt

pav=tunt gt N i =)

LLMZEERBIFFHKEE, TIARR
BT [BREAR2xxx.]... TRIEXESF, 158%E]..]

1 ENB—THITEWIE RS Bz,

ChatGPT: 5 MG EE—MEHEMN TIE, EERDHESRYMNABAZE. KBREENR
ENRRE. RIPESRR. ERAXBRUARRHAFELR.

- ALFBEF MG T, ENTRNESREMALER~ERE?

ChatGPT: —LLHBUS MBI FEIEMER . BELAMENHEY. HELERE. EITRREXK

BE. TERBNRREFEEERE.

CHEERMRES RML S E, WM. FEpFEE?

ChatGPT: )5 4R R B E I NF AS /Y ORMIRE , FBTEAR, UERABEERIE
TERRFMBEREN, DU EZE.

IR oo [BEFER2xxx ]... IRIEXLEAF, SEE]...]



3. BE—EB4EHE(Self-Consistency)

[B:&: LLMERCOTRI{{RARZEMBEME—ER, SHEEIERE
fRR: S LLMERAECOT, KIEAREREFTS, ARERER, SXARELHST
CoTEERHIHRIESE

/

i

JHYHE

HH
o
mQ

H ISR,
=2

{=aNG=1ESk=

W
G

Cascading Errors
Vanilla CoT A

4 \
( Y | | | Thouaht | . | Thouaht | . | Thouaht | . | -
LLM Thought N Thought N Thought [ » N Answer
------ (wrong) (wrong) Thought (wrong)
Input
Question:
...... CoT with Verification and Refinement
Context: T T ————— === ~
""" I'l Thought Thought Thought | M - Answer
e i R > (wrong) g (correct) 1’ Thought g (correct)

Verify & Refine

Feedback




4. EpE RIS

LY

=R T[RRI AYAR A fR EBRIE)

}—\‘_z

Knowledge 1
. Knowledge Knowledge
[Questlon Knowledge 2 Answer

ERFTRIRERER ChatGPTIEN M. Z BISEER S IRRUERRYRT BEE RHYER.,
AHEERRIERIRR—E(EL5ChatGP TSR IR AL



5. [RHERT

Rigie

BIARTEAERTAFHIEXEEEE.

BERTR

BIARTEERTIFPIEXESERE.
RBWHERWEFEIFFEEE.

LLMs
ChatGPT
T5-Large
Vicuna
Bloom
GPT4
Llama 2

00 e

1. .. IXE

S FAREE

2. .IXHEBEIEENEX

3. . UNSRANEIEFREEE

R4
0.51
0.03
0.46
0.52
0.67
0.40

=F]
0.63
0.11
0.57
0.57
0.71
0.60

AR
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B2 E—PMEEIIEFENTR, BEIMNIA—1GPT-4HEN, BHEmaEXttaaEE:

EFE: z:fc?iuus:‘zﬁ’ﬁ% %, (BN ESEKIAABIZ5001d, ZREEREIRME]
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- QAAKIE: FIFERYEEHRIVKEANE, REEMANERIRE N NIEARERIZE

- BUEDT: SREUENSHENE, WFRIHE SREEN"HEE RS HEE

- iz SUURHFIIEK, IWIEEBEIATTIE
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ChatGPTiEX ¥

HHBIREER I RIERNE. HEMHIES
MBSOHE]. BAEREHTES SRS,
RGENEIP, BFE, AERIX
AHIEIEASOE MR AR AETIERE. B
HEMHEEER. B, BEERAIR
15 BRI FIA) FREMCRHY B AO ZRER
HaF, RIFEEAE, BiLe(lE
BFE]. BAREMRRBEZTEIE, SUH,
MASHE M, FTESHRE, HE—

IaE [EFES

https://gptplus.pro365.top/

- BEHEINOpen Al Translator
« WENEENEEINGPTEARMM (https://gptplus.pro365.top/)
o« RFICSGEINU TR IE



https://gptplus.pro365.top/

ChatGPTiE3GESHIKIEIEE
| Prompt| AR

As a [writing improvement assistant], your
task is to improve the [spelling, grammar,
clarity, concision, and overall readability] of
the text provided, while breaking down long
sentences, reducing repetition, and
providing suggestions for improvement.
Please provide only the corrected £nglish
version of the text and avoid including
explanations. Please begin by editing the

following text: [NERZA]

. https://gptplus.pro365.top/

| Prompt | SRR

| want you to act as a professional spelling SCISPACE

and grammar corrector and improver. | want https://typeset.io/

you to replace my simplified AO-level words L N

and sentences with more beautiful and « IBEZRAERNESHREEI Open Al Translator
elegant, upper-level English words and . #EWEEhttps://aptplus.pro365.top/), {8
sentences. Keep the meaning same but . -

make them more literary and improve my N

expression in the style of the journal Nature. . BESTREHES GPTE A AL S X


https://gptplus.pro365.top/

ChatGPTie3GHBA RS

[Put your requirements here...] , since your
output length is limited, to save space.
Please use ellipses for the parts you don’ t
think need to be modified.

Prompt i

| would like you to act as an expert in the
[field of your choice] and help students with
plagiarism check for their papers. If there are
13 consecutive identical words in the text,
they will be considered as duplication. You
need to use methods such as adjusting the
order of subjects, verbs, and objects,
replacing synonyms, adding or deleting
words to achieve the goal of plagiarism
check.

promo rs

Please refer broadly to similar papers in the
[specific field] and help me add three
subheadings under the main heading of "W
BSET". Also, write the main content for
these three subheadings.

ZHRALER

Please provide multiple versions for
reference.

promst] B

"Still the above question, | think your answer
is not good enough. Please answer again,
this time focusing on removing redundancy
from this passage. "




ChatGPTi£ 3 HBE]

HiEasiA

More precise SEistERYIALC
More concise BBR A ERYRIEFIREIE
More objective HREMMES
More specific RHLE RNV
More coherent BRI
More consistent IESXE—E
More academic FARXE
More formal grammar 1B ALEM
More nuanced AR RREEE

Subtle edits only (W5

Minor edits EEEEE
Rephrase for clarity SR EmE
Simplify sentence structure Al
Check grammar and spelling FEREE
Enhance flow and coherence  iEERE
Improve word choice K=E T
Revise for style WX JEEE
Significant edits ESpN Y
Restructure content ETRREN




ChatGPTigNiztRRIE WiRIA

o BIree S —R T WHATIRE., BB/ORE
H—MFAERRRG, RIVESRERATIERS
TH, MBAESWHIE, BB ARRUNTS0H
NE, LMEEIFIAZR. REARZHABIRE".."
RILAIEETIR, R T EEERISHIERRYE
1w, ENZRBANILBE VB ERIA
ﬂzil_;A [JHIRBRERI R, BASE—ERNAZE (B8
]

You are now acting as an expert in the field
of [Put professional fields here...]. From a
professional point of view, do you think
there is any need to modify the above
content? Be careful not to modify the whole
text, you need to point out the places that
need to be modified one by one and give

revision opinions and recommended revision
content.




ChatGPTX @t 2 ss

Q 1 2 v Q 1%y @ o+ 0 L o 8
oo Basic Information:
e
Article « Title: Highly accurate protein structure prediction with AlphaFold (AlphaFold: B
. . . e EAREHTN)
» nghly accurate proteinstructure prediction - Authors: John Jumper, Richard Evans, Alexander Pritzel, Tim Green, Michael
2 A Figurnov, Olaf Ronneberger, Kathryn Tunyasuvunakool, Russ Bates, Augustin Zidek,
w|th Alphal—'old Anna Potapenko, Alex Bridgland, Clemens Meyer, Simon A. A. Kohl, Andrew J.
Ballard, Andrew Cowie, Bernardino Romera-Paredes, Stanislav Nikolov, Rishub Jain,
Jonas Adler, Trevor Back, Stig Petersen, David Reiman, Ellen Clancy, Michal Zielinski,
Martin Steinegger, Michalina Pacholska, Tamas Berghammer, Sebastian Bodenstein,
David Silver, Oriol Vinyals, Andrew W. Senior, Koray Kavukcuoglu, Pushmeet Kohli,
Johnjumww i itzel', Tim Green™, Mi ) Demis Hassabis|
Received: 11 May 2021 Ao Potapaniots Al snamwu Clomens Meyer"”, Simon A. A Kohl, ! . ;f;!'?é&a ;f;s;mnd, London, UK (#—#f#John Jumperff 84 5 DeepMind, Hftsff

Accepted: 12 July 2021 Andrew J. Ballard™,

Rish v.,,n,_m,.,, revor Back, i Potersn’, Do Reman, Elle Clancy + Keywords: protein structure prediction, AlphaFold, neural network, machine learning,

Published online: 15 July 2021 bioinformatics, computational biology

\ LNV AN tl —— A Y : L 7 . Openaccess. David Silver', Oriol Vinyals', Andrew W, Senior’,  URLSs: https://doi.org/10.1038/s41586-021-03819-2, GitHub:
lt&{l ] t 3 Egl Dj/‘_ : %} : ZN % j: /\Xj-lﬁ :cmwmpdm e b hitpsiithutcomldeepmindjaiphafold e
HaHT % NMEEEZ h, i N
j: 2\ 17 @ " _):I E/JY W = sa E e thiruncion. » S
i i illi i .Structural
E \—n IJ\ H:H 5 E ﬁ I 1% -L I i instaki i o BARREANER, TRASHNTERIIRSXEE. R, BHATHN
i BT R A EE?%EIYFEWH@&‘JBE%‘HE%TE r‘rﬁ?‘f‘ﬁi‘!?%r}lﬁ 8]
redicting the. BEXE. TR

i joinformai =, R\t =t £
E 7 i " saminoac o i e it Ao
~N E D — seq cti the protein foldii —has SERMABIIRI . BURBDREHINLRITE (CASPIA) NERK
— I ° i B, Alp! A S EMTNE VL, BMEAERA
i i i wxamq%m, BEBURTHERERMT . I, BN TR N
nethoc ¢ : s

progress” ¥,
ﬁﬁ?}ﬁﬁ EHRRMA KEAR, tﬁé’é?ﬁﬁé@“ﬁﬁ&?%&ﬁ']’}‘m
1‘&11-. AR priaia )

Z\=> —— 2 -\ LS nosimita il g el e e
~ — | SAZ. Anharold.1 ’ ki " EARBIERST (PDB) SA0RF, JeBTO5%REBRN THCaHRRE

J , ) xl n tructure Py ASPL4)S, ivewi (rm.s.d. 95) TN BHIERE (pLDDT) . HEitt, L
A L i R oG

= %

thods. L i i i i gfmaﬂﬁam%wmg B TANRI. ENEARTERENLGRRE
. N . . EN

GERH @1 ~'@3 WNERNE, #BFRgE— S —
TR [ RS |IARNNE, AEHEZENRR S ' :
NERABSFERIRAREITE,

- SCISPACE
S ERGRI

ZERHE ‘01 ~ '@3 HNMERS, BX
SRR AEMDINEREMD, DRIRIREE,

ChatPaper

https://chatwithpaper.org https://typeset.io/
HENERLE it =LA LAY



ChatGPTHHEIRS

LEITFHARNIES, RIETREES ETD,

?EE{#‘%% "@ﬁ%wgs‘zﬁmg, 5T, » MEBLLMBASESS, BEim
BAEFE, aJLNg?

BBl 1520003 —ERIRFRARE TR, BRI, B
ZARE @1 ~' @3 WINERS, BENREN QEESHENS

SR EERARANS, FANSER TRERNRRER

Bigirit, JLUIEREERFRNE,

» FEMIERIR A, WS

RS AL (4R HA
|Promp] -

« HFGPTZRiE2E(EncodernBYE
ZOHE @1 ~ ‘@3 MNERS, BH ' el IR
BER1001 S, (EESTIEIEg, Bef M T IR R R

ARSI FEHEEANE, EiFESYER
SURMISEHIRSIZEIC RAYRT S 4.




ChatGPTH&#5

You are a professional reviewer in the field of [Z#&}4ig]. | will give you a paper. You
need to review this paper and discuss the novelty and originality of ideas, correctness,
clarity, the significance of results, potential impact and quality of the presentation.
Due to the length limitations, | am only allowed to provide you the abstract,
introduction, conclusion and at most two sections of this paper.

Now | will give you the title and abstract and the headings of potential sections. You
need to reply at most two headings.

Then | will further provide you the full information, includes aforementioned sections
and at most three sections you called for.

Title: [MEtReH]

Abstract: [MEHEE]

In the upcoming conversations, | will provide you with article content labeled with
an’ @' symbol.
@1:[XEHE—EBM7D]
@2:[XEFHE_HBMD]
@3:[MEFHE=5B70]

Follow the following format to output your choice of sections:
@1:{}; @2:{}; @3:{}.

B APRAIAPI-key (skIF kB FRF &)

EHABE=F MU (VISR , [ RAOpenAIBIAPIERKT X E)

https://api.openai.com/vl

BHAFRNSTERMER(EUHIAMER)

ox

https://huggingface.co/s
paces/ShiwenNi/ChatRe
viewer



ChatGPTHIEH T

You are the author, you submitted a paper, and the reviewers gave the review comments.
This is the review comments: [EEfg AR ]
Please reply with what we have done, not what we will do.
You need to extract questions from the review comments one by one, and then respond point-to-point to the
reviewers' concerns.
Please answer in {}. Follow the format of the output later:
- Response to reviewers
#1 reviewer
Concern #1: xxxx
Author response: Xxxxx

Concern #2: Xxxx
Author response: Xxxxxx

#2 reviewer
Concern #71: xxxx
Author response: Xxxxxx

Concern #2: Xxxx
Author response: xxxxx

#3 reviewer
Concern #1: Xxxx
Author response: xxxxx

Concern #2: Xxxx
Author response: Xxxxx

A REIAPI-key (skFF K FRF )

EWAR =TT ML NVIER, (5 RH0penAIAPIERLITIX 2)

https://api.openai.com/v1

ERARBE NS BEREL

EREHEES

© English Chinese French German Japenese

Clear Submit

https://huggingface.co/s
paces/ShiwenNi/ChatRe
viewer



ChatGPTiEE£X

| want you to act as an academician and be major in [ff33&0E]. Write a
highly detailed article/review,/viewpointin Chinese/English in the style of
the journal [BFIJ#3] with introduction, methods, results and discussion, and
conclusion paragraphs responding to the following: [|a]@&]

HERIED
Continue writing an article about [E=FERR] in /ntroduction/methods/results
and discussion that begins with the following sentence: [XEFFk]

| Prompt| =HE, SR

Summarize the following text into 750 words, making it easy to read and
comprehend. The summary should be concise, clear, and capture the main
points of the text. Avoid using complex sentence structures or technical
jargon. Please begin by editing the following text:

e, UERB
Please generate five attention-grabbing titles. Please keep the title concise
and under 20 words, and ensure that the meaning is maintained.

. Viewpoint>Review> >Article - IMERRIGPTREEEBERREKFEHATIRINE



AlRENNE=FES

e o= https://www.researchrabbit.ai/ gQuﬂ]Bot https://quillbot.com/
T .

E
-

ETAIRITRAMZZAYS | XE1H HEANESE

https://summarizer.scholarcy.com/try . SCISPACE https://typeset.io/

Article Summarizer

Conction
fremmretaperr ey - Do hours worth of reading in minutes
(]

‘‘‘‘‘‘

KKKKKKK

AlE R\ Nekgrid, PDFGEEURIREL. HE. AIREHE



ChatGPTENEFRIN DR

BERIFRATER, REimEaih
HimBIENA (GREREARITINEIE
5| (2023) ) , REASERERIU
ATERE (AIGC) ET%EEJZEETEM*#,
MERERIUA TSRS IR
ST, Iﬁﬁﬂ“é‘ﬁﬂ%ﬂﬁﬁ)\ﬁﬁﬂfﬂﬂ?ﬁ
CEEXRFFRIAFREINEIIRE,
(1851) ERNREERTNL. 5
FFR. ErBEVE. I RER
AR, BRIEEREBEERIGED]
HYEERTHITIE.

My class required Al. Here's what I've
learned so far.

(Spoiler alert: it has been very successful, but there are some lessons to be learned)

& Ethan Mollick " 84 D 12 &
b Feb17 : —

@Open AT

SRR LB

5| A ChatGPT 1 Bh ¥ B2
LFEERTH ChatGPTEREI LT

=2 BRI e | FBM £ E

IpARuE: |
?

FﬁC}hatGPTf‘ﬁ'f’Eﬂl{

IEXEERS RIS

https://www.most.gov.cn/kjbgz/202312/t20231221 189240.html

InEA

nature

Explore content v About the journal v Publish with us v Subscribe

nature > news > article

NEWS | 06 November 2023

‘ChatGPT detector’ catches Al-

generated papers with
unprecedented accuracy

Tool based on machine learning uses features of writing style to distinguish between

human and Al authors.

ChatGPT is fun, but not an author

1 less than 2 months, the artificial intelligence (AI) | only caught 63% of these fakes. That's a lot of Al-gener-
program ChatGPT has become a cultural sensation. | ated text that could find its way into the literature soon.
It is freely accessible through a web portal created | Tor years, authors at the Science family of journals
Dby the tool’s developer, OpenAL The program— | have signed a license certifying that “the Work is an
which automatically creates text based on written | original” (italics added). For the Science journals, the

prompts—is so popular that it's likely to be “at ca-

pacity right now” if you attempt to use it. When you
do get through, ChatGPT provides endless entertain-
ment. T asked it to rewrite the first scene of the clas-
sic American play Death of  Salesman, but to feature
Princess Elsa from the animated movie Frozen as the
main character instead of Willy Loman. The output was
an amusing conversation in which Elsa—who has come
home from a tough day of selling—is told by her son
Happy, “Come on, Mom. You're
Elsa from Frozen. You have ice
‘powers and you're a queen. You're
unstoppable?” Mash-ups like this
are certainly fun, but there are
serious implications for genera-
tive AI programs like ChatGPT in
science and academia.

ChatGPT  (Generative  Pre-
trained Transformer) was de-
veloped with a technique called
Reinforcement Learning  from
Human Feedback to train the

be very conversational. Never-
theless, as the website states,
“ChatGPT  sometimes  writes
plausible-sounding but incorrect
or nonsensical answers.” Several

Machines play an
important role,
bl.lt as tﬂols fm‘ the intentionally generated by Al in

people posing
the hypotheses...
language model, enabling it to a"d making

sense of the results.”

word “original” is enough to signal that text written by
ChatGPT is not acceptable: It is, after all, plagiarized
from ChatGPT. Further, our authors certify that they
themselves are accountable for the research in the pa-
e Still, to make matters explicit, we are now updat-
ing our license and Editorial Policies to specify that text
generated by ChatGPT (or any other Al tools) cannot be
used in the work, nor can figures, images, or graphics be
the products of such tools. And an Al program cannot
be an author. A violation of these
policies will constitute scientific
misconduct no_differentfrom
altered images or plagiarism of
existing works. Of course, there
are many legitimate data sets
(not the text of a paper) that are

research papers, and these are
not covered by this change.

Most instances of scientific
misconduct that the Science jour-
nals deal with occur because of
an inadequate amount of human
attention. Shorteuts are taken by
using image manipulation pro-
grams such as Photoshop or by
copying text from other sources.
Altered images and copied text

H. Holden Thorp
Editor-in-Chief,
Science journals,
hthorp@aaas org;
@hholdenthorp
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ChatGPTARABEE

@OpenAl Researchv  APlv  ChatGPTv Safety Companyv Search Login» | Getstart @ G PTZero Home Products Resources Careers CONTACT SALES SIGN IN

Was this text written by a human or AI?

Try detecting one of our sample texts:

More than an Al detector
Preserve what's human. N

We bring transparency to humans navigating a world filled
with Al content. GPTZero is the gold standard in Al detection,
trained to detect ChatGPT, GPT4, Bard, LLaMa, and other Al
models.

=\

0/5000 characters ( UPGRADE
A i

Check Origin - i
pdF, .doc, .docx, .txt

By continuing you agree to our Terms of service

Check out our products —>

https://openai.com/blog/new-ai- httos: ‘
classifier-for-indicating-ai-written-text ps://gptzero.me/
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ChatGPT#Y:

aath

-

HIEEA—RHIERIFR. BRARRESEUE

BfEXE, @R, RaiafER3of. (REE
FEWRHERAIERANR, TEEHRAEE
BIVIRESIRESES]. BIE— P oiTEIRE:
B [ZRE AR R [SEIRRIR] R,

BRAVAT. (RMIZ T EFITFAE, Fion.

<, (RRIZZRRNZETHINS. HAE(RRE

AFESERE, F1EEADS, FRIERRXA
. SRFERRESFIE—LEEBAE R, X
SENFREAES{EELAIE.

FABLLRF 24— R/Python fBEREE, A
Z— SRR RiREIE, MAREAE,

)

How can | help you today?

E RS I (ERRE

PyCharm

nnnnnnnnnnnnnnnnnnnnnn

matpl=tlib  Seaborn

Keras I TensorFlow &} nvumpy
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(EREAIPREIES, =XHChatGPTHHEIEIRES T, 1EFEEPYthonERIES LI

RS N—HNDAEMIREREANFER, 28T GSEARESTEHRE TGOREEE. 1B
=B PromptRIChatGP TSRS, FHEBIERRIRIEHITLAT o1

. IZEVHHNOM p-valfIFDR g-valf@Es218/\F0.05894T

o HETFUHEEEUE, 9BETEHGO Term(level1)FI1GO Term(level2) BTz HHEE

o EELA TS B REFEREERISNGO Term(level2)2£8l, KESZHEFBENARER, H
&1, GenesHlZRS%, BEZIEChatGPTXHEURIKIESS()5!

- BE—RIER, BESRIAMAEZE, RRERFMSNGO Term(level2)BIXRER M



ChatGPT%{:

R

-

matpl: tlib

ggplot2
ﬁ%tig mﬁg{/ﬁyg /I\$£|-$§&$E Hgﬂ?m{g%o 1;.1_’\4% ® :;lntensity%@sammmm REBERFE
2 PSR A AT R A T EAATR, o
eh&Es| AEBRY TR, [(otrB¥xR], FIE
Pyt h O n I:P EI\J m a t p I Otl I bEZ% R H,\J g g p I OtZiﬁi-l—ﬁ U RANTAER A AR EE 2 ST E RO RIS b1

B X AEUERTACRES, ECUN[FRERERR]. Frix
TTHIERGRATEANERTIAR, IXHRIRE
=z,

- E RS ERT

FABILRFEX— R/Python fBRREE, KA @ PyCharm

<, (RRIZZRRNZETHINS. HAE(RRE
E—MRSRMCIER AR iR, TIAEEMD.
AFESERE, F1EEADS, FRIERRXA
. SRFERRESFIE—LEEBAE R, X
SENFREAES{EELAIE.

z lots
L] Q oit




ChatGPT#UEn]i{L

VizGPT

Make contextual data visualization with Chat Interface from tabular datasets.

Dataset

Cars Dataset Upload CSV Data Data

Show the distribution of Miles per Gallon. How Miles per Gallon diffs in Year ? Recommend a random chart from this dataset for me.

Clear @ what visualization your want to draw from the dataset I:a -

https://www.vizgpt.ai/
https://github.com/ObservedObserver/viz-gpt

VizGPT VizGPT

Dataset
Dataset

Frsm— Vit ova
o

cusvaaset © (TNl | Visualizatin Data

° Show the distribution of displacement.

Dlptcamnt inned)

e How does the distribution diffs in different origin?

Dlptcamnt e

e Show how these istribution changes over time.

Turn the scatter plotinto heatmap, keep the facet.

what visualizaton your want to draw from the dataset E

yv—
EEEEE)


https://www.vizgpt.ai/
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- ZIMSIFChatGPTENRENIZ N, (EftikiEE CRIEMENS AT EHSRIER

- BEZRER, BRAARENSERMONOISOTOPIC MASSFIRIEEE, LARIIH
YIRRY D FE D hias

- RHIACSOFRIIRE B, FKEMEREAERRIACSO



LZhRTA

&)

E3E:
BHERENTWAIRS. AMEIEHRBABTLTRNTWAIR, AEREDZERERN S TR, UEBEEREENMEBILPEGAIN. B8 TS IFRER BT,

a: ETREFEER T — TR,

b: RAMT, JIHEANTR. TohfIZERAR.

c: FIHIZE AR AN A .

d: RIFZAINERE—BEERBNRESR.

e: FEIEI, NEBRRSMRIZER.

f: £ A1 0TV ES IR IRIESR,

g: £RRBI, BRERRBRFNERNA,

h: £— 1 E22ETHTRNRIRININ.

i EENFRIRMEHEI TR, BEKRE. ABRMNER.

j ERARSHERA I EZAIRMEN, IE— AN . BESNFITRIBNZERITR,
k: £R20T KBRS, MEZWHERNGR.

| {previous concept or section}: E/AMFIEENASTHE D DR ARENFIESR, ERREMATNREMEY,
m: BaiEE—NMOARERL. EREERFENGIFNT, ABHRERNIT,
EEMERT, BEBEUTHS:

n: £ AR BIR TR,

o: BIIEH, (BMRABAIEEH UM H R PFRHARRBERK

p: BIFZ2EXRESENAXINERBIEN, BRREMERLER.

q: TR, KEBRNGS, RAFEHIENNIAR,

BRBEREI, BAFIIEMEEBRIEL,
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TRUSTLLM

A benchmark of trustworthy large language models.

1. Jailbreak Trigger
2. Advinstrcution
3. Privacy Awareness

1. Fact-Checking
2. Multiple Choice QA
3. Recognition of Stereotypes

1. Accuracy
2. Refuse to Answer
3. Attack Success Rate

4. Do-Not-Answer

4. Privacy Scenario Test

4. Opinion Pairs 4. Moral Action Judgement 4. Micro F1
- Sew:oss L o \ ew wan y
il Existing Dataset ( Generation Task i Evaluation
1. TruthfulQA 1. Factuality Correction :
1. Auto Scripts (e.g.,
2. AdvGLUE 2. Jailbreak Attack Evaluation Keyt\:v:rdcr:ztilgiengg)
3. ETHICS 3. Exaggerated Safety Evaluation

2. Longformer Classifier
3. GPT-4/ChatGPT Eval

. S

.
7= 9 7= il BN X N N
( (@ [ R 4 b @ b R 4 s R
¥ % s %) © 5y
Truthfulness Safety Fairness Robustness Privacy Machine Ethics =-| %
[ Misinformation | | | [ Jailbreak | , 5
pe ; Privacy mplicit Ethics Transparen Accountabi
[ Hallucination ] [ Toxicity ] [ Natural Noise ] [ Awareness ] P 2 =y
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Stable Diffusion/Midjourney 127ia4EpkEs

| want you to act as a prompt generator for
Midjourney's artificial intelligence program.
Your job is to provide detailed and creative
descriptions that will inspire unique and
interesting images from the Al. Keep in mind
that the Al is capable of understanding a
wide range of language and can interpret
abstract concepts, so feel free to be as
imaginative and descriptive as possible. For
example, you could describe a scene from a
futuristic city, or a surreal landscape filled
with strange creatures. The more detailed
and imaginative your description, the more
interesting the resulting image will be.
Respond in English. Here is your first prompt:
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